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CENTER FOR POLICING EQUITY
The Center for Policing Equity (CPE) is a research
and action think tank, providing leadership in
equity through excellence in research. CPE
specializes in partnering with law enforcement
and communities, with the mission of bridging
the divide of communication, generational mistrust, and suffering. CPE’s work is powered by
science. Using advanced analytics to diagnose
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disparities in policing, the organization’s work
sheds light on police behavior and answers
questions that police and communities have
asked for years about how to build a healthy
relationship. Using CPE’s analyses and recommendations, partners can chart a path toward
better practices that are consistent with their
values.
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EXECUTIVE SUMMARY
The Center for Policing Equity (CPE) partnered with the San Francisco Police
Department (SFPD) to analyze the department’s policing practices during the
2014 to 2018 timeframe.1
The project’s overall goals were (1) to identify any racial
disparities in police interactions with community members; (2) if disparities were observed, to determine whether they were caused by inequitable practices on the part
of officers or could be explained by other factors; (3) to
identify any attitudinal dispositions on the part of officers
or departmental contexts that can perpetuate inequity or
make it probable that inequities, if not already present,
will manifest in the future; and (4) to provide recommendations for reducing any identified disparities.
Using data contributed by SFPD to CPE’s National Justice
Database (NJD), CPE examined the incidences of vehicle stops, pedestrian stops, and use of force involving
major racial groups during the 5-year period, adjusting
for the relative population size of each group. CPE also
administered a climate survey to assess officer attitudes
and beliefs that may enhance or decrease vulnerability to
expressing bias. Finally, because departmental policy is
critical to fostering equitable policing practice and trust
between officers and the communities they serve, CPE
conducted a review of SFPD’s publicly available general
orders and special bulletins as they relate to: (1) collection
of data regarding police interactions with the community;
(2) equitable policing practices; and (3) police–community relations.

Summary of Findings
Overall, our analysis found reasons for optimism along
with room for improvement concerning the goal of equitable policing. There was an overall decline in use-offorce incidents from 2016 to 2018. There was also a small
but steady decline in the per capita counts of use-of-force
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incidents for Black and Latinx residents relative to White
residents in this time period. In the climate survey, SFPD
officers generally reported perceptions that they are
treated with dignity and respect by their supervisors, and
they expressed high support for procedurally just policing.
The analysis also revealed areas that warrant additional
attention, including evidence of racial disparities in the
likelihood that Black and Latinx residents will be stopped,
searched, or subjected to use of force by SFPD officers
relative to the likelihood for White and Asian residents.
Although the data and analytical limitations of the present study do not allow us to reach a definitive conclusion
about the causes of these disparities, statistical modeling
suggests the race of an individual impacts the likelihood
they will be stopped or subject to use of force by SFPD
officers even after characteristics of the neighborhood
where the contact occurs are taken into account. Additional research is needed to better understand the extent
to which these disparities can be attributed to the actions
of individual police officers, the culture and policies of the
department, and the relationship between SFPD and the
community, and the extent to which these disparities are
explained by factors beyond the control of SFPD, such
as community conditions and the behavior of individual
community members (see the report section entitled “National Justice Database Analytic Framework”).
Among other important findings, our analysis revealed:
• The per capita stop rate of Black drivers was over
2.6 times the per capita stop rate of White drivers or

We note that SFPD initiated a collaborative reform process with the U.S. Department of Justice in 2016, and that the study period covered in this
report significantly overlaps with the study period of the DOJ assessment, including their analysis of vehicle stop and use-of-force data between
May 1, 2013, and May 31, 2016. More information on the collaborative reform process and resulting report are provided in the “History of SFPD
Involvement in the National Justice Database” section of the report.

Latinx drivers, and roughly 4.2 times the stop rate of
Asian drivers.2
☐

☐

A little over half (55%) of the stops of Black
drivers resulted in a citation or arrest, compared to 73% for White drivers and 79% for
Asian drivers.
This higher stop rate of Black drivers warrants additional consideration, as Black
drivers are the racial group least likely to receive sanctions for traffic or legal violations
when pulled over by SFPD officers.

• While about 2% of White and Asian drivers stopped by
SFPD were searched, 7.2% of stopped Latinx drivers
and 15.5% of stopped Black drivers were searched.
☐

☐

Black and Latinx drivers were most likely to
be searched, but these searches were less
likely to result in contraband being found.
Among drivers stopped and searched,
13.4% of Black drivers and 15.3% of Latinx
drivers were found with contraband, compared to 25.4% of White drivers and 31.1% of
Asian drivers.
Higher search rates and lower yield rates
are an indicator that Black and Latinx drivers
experience a greater burden of SFPD stops
and searches relative to White drivers.

• A statistical model that accounts for local crime
rates, population demographics, and socioeconomic characteristics found that Black residents were
over 14 times more likely to experience a pedestrian stop compared to White residents in the same
neighborhood.
• An examination of the pedestrian stops of individual SFPD officers relative to the patrol areas they
served suggests that the majority stopped a higher

number of Black pedestrians and lower number of
White pedestrians than we would expect given the
demographics of those patrol areas. This suggests
racial disparities in per capita rates of pedestrian
stops by SFPD are not driven by a small proportion
of officers.
• The overall count of use-of-force incidents declined
from 2016 to 2018, and the racial disparity in per
capita risk of force also declined.
• There were 3,146 use-of-force records of an officer
pointing a firearm during the 2016–2018 time period. This was the most common type of force reported by SFPD (57.4% of all use-of-force records).
• Statistical analysis controlling for neighborhood
crime rate, poverty rate, and the share of the population that is Black estimated that Black residents
were nearly 19 times more likely to have force used
on them compared to White residents in the same
neighborhood; Latinx residents were almost twice
as likely as White residents.
• Statistical analysis found that a use-of-force incident was 1.21 times more likely to involve pointing
a firearm when the community member was Black
rather than White, after accounting for whether the
community member was armed, whether the officer
was injured, other characteristics of the community
member (being in an altered mental state or reported to be homeless), and the officer’s age.3
Although the data show racial disparities in SFPD interactions during the study period, these disparities do not
necessarily indicate that police officers have engaged
in biased or discriminatory behavior. The NJD analytic framework, described in the introduction to the full
report, suggests that disparities may be explained by
community characteristics, individual characteristics,
individual officer behavior, and department policies
and culture, as well as by the relationship between the

2

Per capita stop rates for vehicle stops are calculated by dividing the number of stops for each racial group by the estimated population of drivers
in that racial group. The estimated population of drivers on San Francisco city streets is based on a composite of San Francisco city residents
and commuters in neighboring counties, weighted by resident commuting patterns. See Section I for more details.
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Less than 0.5% of all records included in this analysis involved the discharge of a firearm.
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police and the community. Accordingly, racial differences in policing data should be contextualized with other
contributing factors.
To gain better insight into social attitudes, beliefs, and
morale, which can serve as risk factors for inequitable officer behavior in the field, we conducted a climate survey
of SFPD officers. The survey focused on attitudes and beliefs that enhance or decrease vulnerability to expressing
bias and relate to inequitable and burdensome policing,
community trust, and workplace well-being and optimal
job performance. In addition to measuring average attitudinal scores and how they vary, we constructed statistical
models to better understand the ways in which important beliefs and attitudes are associated with one another
across domains, for example, whether high job stress is
associated with inequitable policing practices.
• The survey found high ratings of interactional justice, or the degree to which officers believe they
are treated with dignity and respect by their supervisors; officer evaluations of the fairness of departmental processes were lower.

4

• On average, officers expressed strong support for
procedurally just policing.
• SFPD officers expressed moderate levels of stereotype threat, or anxiety that one will inadvertently
confirm a stereotype related to a social group in
which one has membership. Officers who reported
higher levels of stereotype threat also reported lower physical health and less positive affect.
• On the Implicit Association Test, officers demonstrated a slight but consistent unconscious bias
against Black people.
Finally, departmental policy is critical to fostering equitable policing practice and trust between officers and the
communities they serve. Accordingly, we conducted a review of SFPD’s publicly available general orders and special bulletins for the purpose of identifying opportunities
to improve (1) collection of data regarding police interactions with members of the public, (2) equitable policing
practices, and (3) police–community relations. Findings
from this review inform the recommendations to follow.

5

RECOMMENDATIONS
In this report, we advance seven specific recommendations. While not an
exhaustive list of possible solutions to the issues raised in the report, we
recommend SFPD adopt these actionable steps to enhance the department’s
commitment to fair and equitable policing. We additionally recommend
SFPD draw on existing departmental strengths, including those revealed
in the climate survey, when implementing these recommendations. For
example, we encourage SFPD to leverage the existing positive relationships
between officers and their direct supervisors and draw on officers’ expressed
commitment to procedural justice by emphasizing how new practices further
this goal. CPE’s seven recommendations are as follows:

1.

2.

 dopt a unified policy on data collection. We recA
ommend that SFPD adopt a single, comprehensive general order addressing collection of data
on stops and compliance with the Racial and
Identity Profiling Act of 2015 (RIPA). At present,
SFPD addresses data collection requirements in
individual department bulletins, such as Department Bulletins 18-247 and 18-105, both of which
are entitled “Stop Data Collection System (SDCS)
Implementation.”
xpand the definition of reportable force. We
E
recommend that SFPD amend the definition of
reportable force in Department General Order
5.01 (Use of Force) to include all force used to
overcome resistance, regardless of injury or complaint of injury or pain. SFPD’s current definition
of reportable force does not appear to encompass control holds or pain compliance techniques
used to overcome resistance unless they result in
injury or report of pain that persists beyond the
use of the control hold.

more detailed use-of-force information.
3.	CWeollect
recommend that SFPD collect and share more
detailed data with respect to each use-of-force
incident. In particular, we recommend that the
department collect and analyze data in a tabular
6

format (to facilitate ease of statistical analysis) for
the following fields:
• Resistance (specifying type)
• Whether any officer or the individual involved in the incident died
• Nature of offense leading to arrest or citation (which may be distinct from call type)

4.

 tilize the COPS Stop Data Guidebook. We recU
ommend that SFPD implement the recommendations for RIPA compliance outlined in the COPS
Stop Data Guidebook, which was drafted by CPE
and the Policing Project.

equire supervisor review of stop records. We
5.	Rrecommend
that SFPD adopt a policy requiring officers to submit to their supervisors on a
daily basis a brief narrative explanation of the
basis for each stop they conduct. We recommend that this policy also require supervisors
to review these reports in a timely manner to
ensure that stops are supported by reasonable
suspicion and are consistent with SFPD policy
and applicable law.

pdate policy on drawing firearms. We recom6.	Umend
that SFPD update Department General
Order 5.01 (Use of Force) to clarify the circumstances in which an officer may draw a firearm.
General Order 5.01 currently states that an officer may point a firearm only when the officer
has a "reasonable perception of a substantial risk
that the situation may escalate to justify deadly
force." General Order 5.01 provides, however,
that an officer may draw a firearm whenever the
officer "has reasonable cause to believe it may
be necessary for [the officer's] own safety or for
the safety of others." We recommend that SFPD
update General Order 5.01 to align requirements
for drawing a weapon with the existing higher
standard for pointing a firearm. In other words,
we recommend that SFPD amend General Order

5.01 policy to add that officers may only draw or
point their firearms if they reasonably believe
that there is a substantial risk that the situation
may escalate to the point where deadly force
may be justified.

7.

Identify situational risk factors for discrimination.
We recommend that SFPD train its officers and
supervisors on the situational risk factors that
can increase the likelihood of racially disparate
behavior, such as inexperience, time pressure,
divided attention, hunger, stress, sleep deprivation, and the absence of clear norms regarding
expected behavior. We further recommend that
SFPD identify chronic risk factors for racially discriminatory outcomes and adopt policies to limit
or eliminate these factors.
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INTRODUCTION
How do you measure justice? Despite the philosophical, methodological,
and logistical difficulty of this question, law enforcement executives are
increasingly asked to turn over data with the aim of evaluating how fairly they
are doing their jobs.
At the same time, many community members perceive law
enforcement activities to be targeted toward—and biased
against—non-White people. Communities wracked by mass
incarceration and highly publicized police shootings have
called for greater transparency and accountability on the
part of the police. And research shows that positive police–
community relationships are crucial for safer communities:
Citizens are more likely to engage as witnesses and as partners in crime reduction if they believe in the legitimacy of
police as equitable and impartial agents of the law.4
Increasingly, then, courageous and forward-looking law
enforcement executives are seeking hard metrics on
current practices as a way to identify effective policy
reforms aimed at reducing bias and improving police–
community relations. They are seeking out partnerships
with prominent researchers to solve this riddle and to
lead policing in the nation with respect to civil rights and
public accountability. Toward this end, the San Francisco
Police Department (SFPD) partnered with the Center for
Policing Equity (CPE), a 501c(3) research and action think
tank dedicated to advancing equity by way of rigorous
scientific research. This report describes the data analysis
resulting from this partnership.
CPE aims to address the needs of both law enforcement
and communities by building the National Justice Database (NJD) to better understand and improve policing
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practices. Through the NJD, CPE collects policing data to
measure fairness and improve policing equity, and makes
its findings transparent to law enforcement and to communities. The NJD offers a rigorous analytic framework to
make sense of policing data in order to identify and understand the consequences of policing activities and the
sources of racial disparity.5
Data collection and analysis are essential tools that can
reveal empirical realities and illuminate options that might
advance equity in public safety. Too often, law enforcement
data have been captured with an eye toward accounting
or litigation, and the data have not been leveraged to optimize performance. But just as CompStat ushered in a new
era where police could be accountable for crime rates and
understand how/where to direct policing resources, data
on racial disparities—and the inferential analysis we pair
with them here—can be used to identify opportunities to
reduce disparate and burdensome practices and improve
public trust and safety. Consequently, together with specific policies designed to address opportunities for improvement revealed by these analyses, we routinely recommend
including better data collection as a tool for identifying
problems, surfacing solutions and ensuring accountability
as part of the path forward.
This report is designed to provide SFPD with a valuable resource toward that end. It is intended as a

4

Tyler, T. R. (2006). Psychological perspectives on legitimacy and legitimation. Annual Review of Psychology, 57, 375–400. https://doi.org/10.1146/
annurev.psych.57.102904.190038
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In this report, “racial group” refers to groups described in SFPD records by racial category (e.g., Black, Asian). When our analysis compares SFPD
policing statistics to U.S. Census Bureau data, these identities are mapped onto the following census categories: Hispanic (referred to as Latinx in
this report), non-Latinx Asian, non-Latinx Black, non-Latinx Native American, non-Latinx White, and non-Latinx Other Race. The census considers
“Hispanic” as an ethnicity that encompasses all racial backgrounds. The description of Asian, Black, Native American, Latinx, White, and Other
Race as “racial” designations does not represent a claim that any person belongs to a monolithic “race,” or indeed that the category of “race” has
objective meaning independent of its social context. Finally, we note that the racial categories reported in SFPD data were based on individual
self-reporting or official documentation (e.g., driver’s license).

preliminary guide to illuminate options that might advance equity in public safety and provide straightforward statistical answers to some of the most pressing
questions facing this department and other law enforcement agencies. In the sections that follow, we
present empirical documentation of the degree of
racial disparities in SFPD’s policing practices, as well
as analysis and interpretation of the factors that might
contribute to such disparities. While the results are
mixed, our analysis reveals encouraging findings and
heartening trends. It also flags questions and issues
that warrant further investigation and reform.
Our purpose is to demonstrate what can be learned
when policing data are analyzed by qualified, independent researchers. This report, like those produced for
other NJD participants, aims to offer law enforcement
officials a road map toward greater transparency and
accountability in police practices so they can transform
agencies and adopt more just and equitable means of
promoting public safety.

National Justice Database Analytic
Framework
The NJD analytic framework aims to distinguish
among five broad types of explanations for racial disparities in policing, all of which are likely to play some
role in producing racial disparities in San Francisco,
as elsewhere:
1.

Individual characteristics or behaviors. Individual conditions or behaviors—such as mental health
challenges, homelessness, or participation in
criminal activity—may lead to interaction with law
enforcement.

2. Community characteristics. Characteristics such
as high crime rates or poverty may draw increased
police attention to certain communities.
3. Individual officer characteristics or behaviors.
Some officers may view members of certain communities with a higher level of suspicion, resulting
in a disproportionate rate of stops or a more punitive disposition after a stop for these individuals

6

4. Police department organizational culture or
policy. Police departments may have established
practices or policies that increase law enforcement contact with some members of the population more than others. For example, officers may
be deployed to patrol some communities more
frequently than others. Moreover, department
culture and policy can be affected by local ordinances, outside of a police department’s purview,
that force officers to sanction certain segments
of the population more than others. Examples
of such ordinances are those related to closing
public parks at night and other forms of curfew.
5. Relationships between communities and police.
Mistrust of law enforcement can reduce community members’ willingness to cooperate with police.
Similarly, a sense that communities do not trust or
respect police may cause officers to feel unsafe
or defensive in some neighborhoods.
While the whole story likely incorporates elements of
each of these explanations, the comprehensive NJD
framework analyzes the role that community-level and
police-level factors (with a specific focus on the first three
explanations above) may contribute to racial disparities.
By combining police administrative data with population
data (e.g., income, racial demographics, neighborhood
crime rates), a police department climate survey, and a
departmental policy review, we can examine the role that
these explanations play in the disparities that both police
departments and communities want to reduce.
DEPARTMENTAL DATA
With regard to police administrative and population data,
the NJD analytic framework leverages data that departments collect on officer–community member interactions,
such as stops and incidences of use of force. These are
then integrated with American Community Survey data
from the U.S. Census Bureau and neighborhood serious
crime rates reported by departments and coded for Part
1 crimes according to the Uniform Crime Reporting system of the U.S. Federal Bureau of Investigation.6 While
no police department in the country currently collects all
the data recommended by the NJD analytic framework,

Part 1 crimes are serious crimes—specifically, a category of eight offenses used in the FBI’s Uniform Crime Reporting statistics: murder and
non-negligent homicide, rape (legacy and revised), robbery, aggravated assault, burglary, motor vehicle theft, larceny theft, and arson.

9

SFPD has been forthcoming in response to CPE requests
for data sharing and information.
We encourage SFPD to continue its collection of vehicle
and pedestrian stop, search, and seizure data. We also encourage SFPD to continue its collection of use-of-force data,
including on the pointing and discharge of firearms and on
incidents of deadly force. In addition, we encourage SFPD
to provide data that include the reason for the stop in both
vehicle and pedestrian stops, and to expand use-of-force
data collection practices in line with the recommendations
provided in this report.
This information will allow more powerful and comprehensive analysis to be conducted on a larger dataset that could
identify trends and policy effects across multiple years of
SFPD’s practice. Expanded data collection and analysis will
afford a significant opportunity to better understand and foster fairness in policing. This will benefit not only SFPD and
the communities it serves, but law enforcement agencies and
communities nationwide.
OFFICER CLIMATE SURVEY DATA
In addition to analyzing police administrative and population data, the NJD analytic framework explores conditions that serve as risk factors for ineffective and unjust
policing practices. In line with that goal, we administered
a climate survey to officers within SFPD, providing them
the opportunity to voluntarily share their perspectives
about working within the department as well as their
views about the communities they serve and protect. The
survey measured dispositions that can:
• increase the risk that officers will engage in inequitable and burdensome policing practices;
• increase the likelihood that officers will be resistant
to policies and procedures that enhance community trust; and

We also conducted a review of SFPD policies and procedures related to three key objectives paramount to developing and supporting equitable policing practices:
• improving police–community member interaction
data collection and management;
• promoting unbiased policing; and
• improving police–community relations.
These areas provide a foundation for setting norms and
systems of accountability that can prevent racial disparities and biased treatment from occurring in law enforcement. Accountability is a proven and effective mechanism
in reducing the likelihood that individuals will engage in
unjust and differential treatment of others. The results of
the policy review will support SFPD in promoting desired
behaviors and curtailing those that are undesired.
In sum, by leveraging police administrative data, climate
survey data, and a review of department policies, the NJD
analytic framework produces comprehensive findings
regarding a department’s strengths and areas in which
improvements are needed. The resulting analysis can be
used to steer community engagement, relationship building, and continued departmental reform.
It is important to emphasize that the persuasive power
of analytics grows substantially with the length of time
a department measures and analyzes important indicators. As a result, we encourage SFPD, the people of San
Francisco, and all law enforcement agencies involved
in the NJD to see this analysis as an initial benchmark
against which future progress can be measured. With
many departments set to receive similar briefs in the
coming years, we hope this analytic framework will serve
as a road map for police and communities establishing
where they are now and charting a path toward a more
just and equitable future.

• undermine the optimal job performance of officers.
With these survey findings, SFPD can better assess the
types of departmental culture shifts or professional development trainings that may need to be adopted to
further the goal of equitable policing.
10

History of SFPD Involvement in the
National Justice Database
In 2017, SFPD joined the NJD. As part of its participation,
the department shared data on its stops, searches, and
use-of-force incidents.

SFPD has engaged in significant efforts to enhance transparency, develop community policing, and improve police–community member interactions. The department
has a Community Engagement Division where officers
are assigned full-time to proactively engage with the
community, including by hosting relationship-building
events, participating in community events, and working
with community leaders.7 SFPD also has a Community
Police Academy, a 10-week program open to members
of the community designed to provide an overview of
SFPD structure and activities.8 The department collaborates with community members to support quality of
life and public safety through Community Police Advisory Boards in which community volunteers who live and/
or work in a specific geographical police district advise
SFPD on the community’s public safety needs.9 After his
appointment in 2017, Chief William Scott launched the
Chief’s Advisory Forums to allow for community input
on SFPD anti-bias policies and training and to enhance
police-community trust.10

272 recommendations to improve SFPD’s policies and
practices in these areas.11 The DOJ COPS Office announced its withdrawal from the collaborative reform
process on September 15, 2017. On February 5, 2018,
the California Department of Justice agreed to publicly
evaluate SFPD’s implementation of the DOJ recommendations. Since the collaborative reform process began
in 2016, SFPD has made numerous changes to written
policies and training procedures in response to the
DOJ’s recommendations, including updates to its useof-force policy. This policy update emphasized the use
of de-escalation tactics, defined pointing of a firearm at
a subject as a reportable use of force, and prohibited
the use of carotid restraints. SFPD also implemented
mandatory crisis intervention training in 2016 for all department members and has since introduced numerous
mandatory training courses for officers to address bias,
including Managing Implicit Bias, Creating an Inclusive
Environment, and Principled Policing. SFPD’s response
to the DOJ recommendations is ongoing.12

In 2016, SFPD began a collaborative reform process
with the U.S. Department of Justice (DOJ). On October
12, 2016, the DOJ Community Oriented Policing Services
(COPS) Office released an assessment of SFPD focusing
on five key areas: use of force, bias, community policing,
accountability, and personnel. The assessment made

Finally, since 1982, SFPD has been overseen by the Department of Police Accountability (originally named the
Office of Citizen Complaints), a community oversight
agency that investigates complaints against SFPD officers, conducts periodic audits, and makes policy recommendations regarding police practices.13

7

San Francisco Police Department. (2019). Community engagement. https://www.sanfranciscopolice.org/your-sfpd/explore-department/community-engagement

8

San Francisco Police Department. (2019). Community Police Academy. https://www.sanfranciscopolice.org/community/programs/community-police-academy

9

San Francisco Police Department. (2019). Community Police Advisory Boards (CPABs). https://www.sanfranciscopolice.org/community/programs/
community-police-advisory-boards-cpabs

10 Email communication with SFPD personnel, July 2, 2020.
11

Community Oriented Policing Services. (2016). An assessment of the San Francisco Police Department. Washington, DC: U.S. Department of
Justice, Collaborative Reform Initiative.

12 San Francisco Police Department. (2019). Collaborative reform initiatives: Status of recommendations. http://sfpd.prod.acquia-sites.com/your-sfpd/policies/collaborative-initiatives/collaborative-responses
13 San Francisco Police Department. (2020). Department of Police Accountability. https://sfgov.org/dpa/

11

SECTION I: DATA AND CONTEXT
CPE’s ability to evaluate issues of equity and offer recommendations is directly
related to the quality and quantity of data provided by each department.
In particular, an essential component of the NJD analytic
framework is the analysis of geographic and demographic information collected when officers have interactions
with community members. These data include (but are
not limited to) the location of each incident and the race
and gender characteristics of all officers, suspects, and
community members involved.
With this in mind, departments participating in the NJD
are invited to share data as completely as possible. The
higher the quality of the data, the more robust the analyses that can be provided to departments. CPE analyzes
all data using descriptive statistical methods and some
with multilevel regression models. In this section, we
focus on the quantity and quality of the data that SFPD
provided for analysis in this report.

Data Provided by the Department
Table 1 provides an overview of the data that were requested of and provided by SFPD. This is not a comprehensive
list of data petitioned from the department, but it identifies
the major pieces of data necessary for holistic assessment.
SFPD has been forthcoming in data sharing and has provided sufficient data to support descriptive and statistical
analysis of stops and use-of-force incidents, as provided in
Section II. However, limitations in the data received did not
allow us to fully meet the analytical objectives of the NJD
framework. These data limitations include the following:
• Incomplete data were provided on the type of contraband found during searches conducted after vehicle and pedestrian stops.

Table 1. Data Requested and Received From SFPD

Information Provided
Data Requested

Requested
Timeframe

Data
Received

Location

Individual
Race

Officer
Characteristics

Vehicle Stops

2013–2017

2014–2017

Yes

Yes

No

Pedestrian Stops

2013–2017

2017a

Yes

Yes

No

Use-of-Force
Incidences and
Type of Force

2013–2017

2016–2018b

Yes

Yes

Yes

Crime Data

2013–2017

Yes

Yes

Yes

No

a SFPD

did not begin the department-wide practice of collecting data on pedestrian stops until the implementation of its eStop application (which
was first implemented in 2016 and adopted department-wide in 2017).
b S
 FPD provided use-of-force data beginning in 2014, but indicated that the completeness of use-of-force records was improved in 2016. Use-offorce data were provided through March 2019; because we focused on annual quarters, only use-of-force data for 2016–2018 are analyzed and
presented in this report.

12

• No officer assignment/work unit data were provided for vehicle stops conducted prior to 2017.
• Pedestrian stop data were restricted to a single
year (2017).
• Incomplete data were provided for incidents of use
of force for 2014–2015.
• No data on community member or officer deaths
were provided for incidents of use of force.
In addition to providing the data described in Table 1,
SFPD provided CPE with the department’s current general orders as well as department bulletins for calendar
years 2016, 2017, 2018, and 2019. These policy documents were made available to CPE directly from SFPD’s
public website.14 SFPD also allowed CPE to administer a
climate survey to all sworn officers. Of the officers invited
to participate, 633 completed the survey. For any given
question, between 287 and 550 officers provided analyzable responses.
With the scope of data provided, we are able to offer
analysis and recommendations that can support SFPD
in moving toward its goals of advancing and enhancing
equitable policing practices.

The Data Context
The data provided for this report must be contextualized
by the people they represent. It is important to account for
the demographics of the jurisdiction served by SFPD and
that of the department itself. According to 5-Year American Community Survey data for 2013–2017, the population of San Francisco comprises an estimated 864,263
people. The racial demographics of the residents of the
city of San Francisco are as follows:
• 41% are non-Hispanic White (“White”)
• 15% are Hispanic (referred to as “Latinx” in this
report)
• 5% are non-Hispanic Black (“Black”)

• 34% are non-Hispanic Asian (“Asian”)
• Fewer than 1% are non-Hispanic American Indian/
Native American
In 2015, SFPD employed approximately 2,292 sworn
officers and another 573 civilian professionals to serve
the city of San Francisco. The racial demographics of the
department’s sworn officers at this time were as follows:
• 50% were non-Latinx White (“White”)
• 9% were non-Latinx Black (“Black”)
• 16% were Latinx
• 22% were non-Latinx Asian, including 6% Filipino
(“Asian”)
• 1% self-identified as non-Latinx Other Race, American Indian/Native American, or Native Hawaiian/
Other Pacific Islander
Two important caveats should be kept in mind when
evaluating the analysis prepared from these data and
presented in this report. The first involves limits on drawing conclusions based on local populations; the second
pertains to the relationship between observed disparities
and the presence of biased behavior among officers.
First, for SFPD, as for any other police department, it
cannot be assumed that persons with whom the department’s officers interact are necessarily residents of the
jurisdiction serviced by SFPD or of the neighborhood in
which an encounter takes place. Nevertheless, jurisdiction-wide and neighborhood demographic data provide
the best available estimates of the characteristics of persons with whom SFPD officers may interact. To this end,
we used demographic benchmarks from the American
Community Survey 5-year estimates released in 2017.
For analysis of vehicle stops, we leveraged commuting-area demographics to estimate the likely pool of both
commuters and residents in vehicles with whom SFPD

14 San Francisco Police Department. (2020). Policies. https://www.sanfranciscopolice.org/your-sfpd/policies
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officers interacted during traffic stops. We investigated
commuter rates for people whose destination was San
Francisco. To capture commuter demographics, we used
data on commuting patterns available from the 5-Year
American Community Survey Commuting Flows. We note
that the most recent data available were for 2006–2010,
and that commuting patterns may differ from the study
period in this report.
Based on these data, we produced an estimate of drivers on the city streets and highways of San Francisco
that includes weighted population estimates of the
five counties from the Bay Area Census, including San
Francisco, for which the destination of at least 3% of
the people was San Francisco.15 The overall vehicle demographics were the demographics of each of those
five counties, including San Francisco, weighted by the
percentage of people commuting from each county to
San Francisco. The counties and their corresponding
contributions to the SF commuter population are as
follows: San Francisco County (56%); San Mateo County (13%); Alameda County (12%); Contra Costa County
(8.1%); and Marin County (4.4%). Then, to calculate per
capita stop rates for SFPD vehicle stops, we used this
estimated population of commuters and residents on
San Francisco’s city streets to create a weighted estimate of the driving population benchmark. The demographic breakdown of this estimated driving population
is as follows:
• 40% are non-Hispanic White (“White”)
• 19% are Hispanic (“Latinx”)
• 6% are non-Hispanic Black (“Black”)
• 30% are non-Hispanic Asian (“Asian”)
• Fewer than 1% self-identify as non-Hispanic American Indian/Native American
As pedestrians on foot are less mobile than vehicles,
and these individuals are more likely to reside in San

Francisco, we used American Community Survey 5-year
estimates for the municipality to benchmark pedestrian stops. (These demographics are noted at the top
of this section.) We also used this resident benchmark
for use-of-force incidents, with the assumption that although these incidents can occur during vehicle stops,
not all will involve a mode of transport that would allow
a community member to traverse a wide span of geography. The benchmark therefore includes a smaller estimate of the relative representation of Latinx residents
and a higher estimate of the relative representation of
Asian residents than we utilized for vehicle stops.
Despite our selective use of either commuting-area
or municipal demographic data, we still cannot know,
for example, whether miles driven or walked differ between racial groups. It is not possible to estimate with
precision what the racial distribution of police encounters might be if these encounters accurately reflected the relative population sizes of the different racial
groups walking and driving in the city of San Francisco.
Nonetheless, we find the population benchmarking
presented in Section II instructive for contextualizing
SFPD vehicle stops, pedestrian stops, and use-of-force
data against a proxy of the population with which SFPD
officers are likely to have contact.
The second caveat is that disparities do not necessarily indicate that police officers have engaged in biased
or discriminatory behavior. We cannot know, for example, the racial distribution of drivers or pedestrians
who engage in behaviors that might result in a police
stop or in use of force. There is reason to suspect that
racial disparities observed in law enforcement might
be related to the racial disparities in education, housing, employment, healthcare, and other socioeconomic
indicators that characterize American society and are
outside of SFPD control. Accordingly, racial differences in policing data must be contextualized with other
contributing factors, including neighborhood characteristics, crime rates, and other factors, some of which
are modeled in the regression analysis presented in
Section III of this report.

15 Estimates were produced using the 2006–2010 “Bay Area by County of Residence” dataset, filtered to include only rows where the workplace
county is San Francisco, available via the Bay Area Census (n.d.). http://www.bayareacensus.ca.gov/transportation.htm
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Recommendations: Data Collection
We recommend that SFPD undertake the following steps
to build on and improve current departmental data collection efforts:
1.

Adopt a unified policy on data collection. We
recommend that SFPD adopt a single, comprehensive general order addressing collection of
data on stops and compliance with the Racial and
Identity Profiling Act of 2015 (RIPA). At present,
SFPD addresses data collection requirements in
individual department bulletins, such as Department Bulletins 18-247 and 18-105, both of which
are entitled “Stop Data Collection System (SDCS)
Implementation.”

2. Expand the definition of reportable force. We
recommend that SFPD amend the definition of
reportable force in Department General Order
5.01 (Use of Force) to include all force used to
overcome resistance, regardless of injury or complaint of injury or pain. SFPD’s current definition of
reportable force does not appear to encompass
control holds or pain compliance techniques used
to overcome resistance unless they result in injury

or report of pain that persists beyond the use of
the control hold.16
3. Collect more detailed use-of-force information.
We recommend that SFPD collect and share more
detailed data with respect to each use-of-force
incident. In particular, we recommend that the
department collect and analyze data in a tabular
format (to facilitate ease of statistical analysis) for
the following fields:
• Resistance (specifying type)
• Whether any officer or the individual involved
in the incident died
• Nature of offense leading to arrest or citation
(which may be distinct from call type)
4. Utilize the COPS Stop Data Guidebook. We recommend that SFPD implement the recommendations for RIPA compliance outlined in the COPS
Stop Data Guidebook, which was drafted by CPE
and the Policing Project.

16 San Francisco Police Department General Order 5.01 (Use of Force) (rev. 12/21/16) reads as follows: “REPORTABLE FORCE. Any use of force
which is required to overcome subject resistance to gain compliance that results in death, injury, complaint of injury in the presence of an officer, or complaint of pain that persists beyond the use of a physical control hold. Any use of force involving the use of personal body weapons,
chemical agents, impact weapons, extended range impact weapons, vehicle interventions, and firearms. Any intentional pointing of a firearm at
a subject.”
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SECTION II: STATISTICS AND
RACIAL DISPARITIES
In this section, we describe and analyze the data pertaining to vehicle stops,
pedestrian stops, and use of force provided by SFPD.
In Section IIA, we first present counts of vehicle stops per
quarter, across a 4-year time span, to establish the frequency with which SFPD has had such contact with community members. We then examine the population-adjusted,
or per capita, vehicle stop rates for each racial group to
determine whether there are racial disparities in these
stops. If disparities are observed, we examine evidence
that they may have arisen from inequitable treatment by
law enforcement. We present the same analysis for pedestrian stops and use of force in Sections IIB and IIC,
respectively. We use descriptive statistical methods and
multilevel modeling as modes of analysis as appropriate.

Section IIA: Vehicle Stops and Racial
Disparities
For the purposes of this report, a vehicle stop is defined as
a single event in which the driver of a vehicle is detained

by the police, regardless of the number of vehicle passengers and/or officers involved in the stop.17 Between
2014 and 2017, SFPD engaged in an average of 113,762
vehicle stops per year. A small proportion of stop records
(between 1% and 2%) were excluded from specific analyses due to incomplete data.18 Figure 1 below shows the
number of vehicle stops by quarter in this 4-year period.
The graph reveals considerable variation across quarters
in the total number of vehicle stops, as well as an overall downward trend over time. In the first quarter of 2014,
SFPD made 32,486 stops—the highest number of vehicle
stops in the 4-year period. This was followed by fluctuating increases and decreases by quarter and a sharp
decline in late 2017. SFPD made 23,075 stops in the last
quarter of 2017, which was the lowest number of stops
across the 4-year period.

Figure 1. Number of Vehicle Stops per Quarter, 2014–2017
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18 A total of 115 stops were excluded from analysis due to missing data on community member race.

Figure 2. Percentage of Vehicle Stops by Driver Race and Year, 2014–2017
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Figure 3. Number of Vehicle Stops by Driver Race and Officer Work Unit, 2017
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traffic stops. Although Latinx people make up 19% of San
Francisco’s commuting population, they accounted for an
average of 14% of vehicle stops across the 4-year period.
Thus, Black drivers were the only group to be overrepresented in vehicle stops made by SFPD between 2014
and 2017.
The racial composition of stopped drivers changed over
the study period. The proportion of stopped divers who
were White decreased from 38% of stops in 2014 to 31%
in 2017, and the proportion of stops involving Black drivers increased from 14% to 18% over the same period. The
proportion of stops involving Latinx and drivers classified
as Other Race also increased over the study period, while
the proportion involving Asian drivers declined.
Figure 3 shows the distribution of vehicle stops by racial group and police department work unit (such as a
precinct, beat, or district) in 2017. This distribution is not
presented for 2014–2016 because SFPD only collected
officer assignment data for 2017.
Figure 3 reveals that in 2017 the count and dispersion of
traffic stops across racial groups varied substantially by
SFPD work unit/officer assignment. The largest number
of stops was conducted by officers in Special Divisions,
which includes officers assigned to the Traffic Company as well as to a number of other smaller units, such
as K-9 and Explosive Ordnance Disposal. The racial
composition of stops in a given work unit reflects the

community served by that work unit. For example, the
population of individuals stopped by officers assigned
to the Airport Division reflects the diverse population of
tourists and residents traveling through San Francisco
International Airport.
Overall, Black drivers accounted for the greatest percentage of stops by officers assigned to the Bayview,
Tenderloin, and Northern San Francisco districts, making up 49%, 32%, and 26% of all drivers stopped in
those districts, respectively. Latinx drivers were most
represented in vehicle stops in the Ingleside and Mission districts, where they made up 30% and 28% of
drivers stopped by officers assigned to those districts,
respectively. White drivers made up the greatest proportion of stops made by officers assigned to the Park
and Richmond districts, where they constituted about
47% of stops in each.
Because Whites are the largest racial group in the estimated San Francisco driver population, it is not surprising that SFPD officers stopped White drivers more
frequently than drivers from other racial groups (see
Figure 2). To determine whether there were racial disparities in vehicle stops and police actions following
stops, it is important to adjust for differences in group
population size. This is done in the Figure 4 below,
which shows the population-adjusted, 4-year annual
average of vehicle-related citations for each group.
These rates were calculated by averaging the number

Figure 4. Rate of Vehicle Stops per 1,000 Population by Driver Race, 2014–2017
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Table 2. Risk Ratios for Vehicle Stops by Driver Race and Year, 2014–2017

2014

2015

2016

2017

Average

Asian

0.64

0.63

0.62

0.67

0.64

Black

2.28

2.55

2.60

3.63

2.71

Latinx

0.68

0.74

0.83

1.01

0.80

White

1.00

1.00

1.00

1.00

1.00

of vehicle stops conducted by SFPD with individuals of
each racial group during the study period. This number
was then divided by the number of people of the same
racial group within the estimated population of drivers
in San Francisco during the study period.19

per capita rate of stops for drivers of a given race by the
per capita rate for White drivers during each year. The
ratio for White drivers is reported as 1.00, and this serves
as the baseline for comparison against which other risk
ratios are calculated.

Figure 4 reveals that there were 315 stops of Black drivers
made by SFPD for every 1,000 Black individuals in the estimated San Francisco driving population. In comparison,
there were 117 stops per 1,000 for Whites, 93 stops per 1,000
for Latinx individuals, and 74 stops per 1,000 for Asians.

The risk ratios in Table 2 show that, on average, the per capita stop rate of Black drivers was about 3 times higher than
the rate for White drivers. Moreover, the differences between
Black and White stop rates increased steadily over time: In
2014, the per capita rate for Blacks was 2.28 times greater;
in 2017, it was 3.63 times greater. These findings reveal that
the per capita rate of vehicle stops of Black drivers relative
to the estimated number of Black drivers in San Francisco is
higher than the rate of stops for other racial groups.

In Table 2, we show the risk ratios of the number of stops
per capita for each racial group as it compares to Whites
for each year in the data sample. These ratios divide the

Figure 5. Percentage of Vehicle Stops with Driver Cited and Not Cited by Year, 2014–2017
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Figure 6. Vehicle Stops Without a Citation or Arrest per 1,000 Population by Driver Race,
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We next consider evidence regarding whether this disparity
is explained by a greater likelihood of such drivers to engage
in motor vehicle or criminal code violations, which may warrant disproportionate contact. Reviewing data on citations
can provide some initial clues and impressions, as these
data can help support conclusions about the likelihood that
misconduct by Black drivers is an explanatory factor.
Figure 5 shows the frequency with which motorists
were stopped with no citation versus when they were
stopped and received a citation. Over time, the percentage of drivers stopped who were not cited increased,
making up 26% of all stops in 2014, compared to 36% of
all stops in 2017.
Figure 6 shows the per capita rates of drivers being
stopped without a subsequent citation or arrest resulting from the stop. Again, there is variation across
racial groups. On average, Black drivers were stopped
without being cited or arrested 142 times per 1,000
Black residents in San Francisco driving population,
compared to 31 times per 1,000 residents for Latinx
and White drivers, and 15 times per 1,000 Asian residents for Asian drivers.
Viewed another way, a little over half (55%) of Black
drivers who were stopped were cited or arrested. In
contrast, 79% of stopped Asian drivers, 73% of stopped
White drivers, and 67% of stopped Latinx drivers were
cited or arrested after they were stopped.
20

31

These findings reflect both the higher rate of stops for
Black drivers and the lower percentage of these stops
that resulted in a citation or arrest. They suggest that disparities in the per capita rate of vehicle stops of Black and
White drivers are not explained by a greater propensity
among Black people to engage in motor vehicle or criminal code violations that result in citation or arrest. These
findings suggest that Black drivers may bear a greater
burden of vehicle stops relative to other racial groups.
We next analyze data on the percentage of stops that
resulted in a search, as well as the contraband yield
rates of these searches. Yield rates allow us to consider
the extent to which disparities in search rates may be
driven by racial differences in the likelihood of engaging in criminal code violations. This analysis includes all
searches conducted during SFPD vehicle stops, some
of which are dictated by policy rather than an officer’s
suspicion that the search will result in the discovery of
contraband (e.g., searches incident to arrest are mandated by policy, while officers have more discretion in
requesting a consent search).
Figure 7 shows the percentage of stops each year that
resulted in a search for all people. It reveals that the
percentage of stopped drivers who were searched increased over time, from a low of 2.3% of all stops in 2014,
to a high of 10.2% in 2017. Figure 8 presents the percentage of stopped drivers from each racial group who were
searched by SFPD. On average across the study period,

Figure 7. Percentage of Stopped Drivers Searched and Not Searched by Year, 2014–2017
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Next, we examine whether higher search rates are linked
to disparities in arrests and yield of contraband, such as
unlawful items or objects (including weapons) or drugs.
The share of searches yielding contraband provides a
related indicator that can help assess equality in police
contact across racial groups. Specifically, disproportionate searches and100%
lower yield rates are an indicator
of a greater burden of police contact relative to other
groups and may suggest that officers’ suspicion of illegal
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4 officers interpret behaviors as suspicious
more often when the person engaging in that behavior is
a member of a given group than when the person engaging in that behavior is a member of another group. This
language does not reflect a determination of the legality
of a stop or search.

Table 3 presents the yield rates of contraband from
SFPD vehicle searches by race over the 4-year period.
This table reveals that stops of Black and Latinx drivers

75%

Figure 8. Percentage of Stopped Drivers Searched by Race, 2014–2017
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Table 3. Yield Rates of SFPD Vehicle Searches by Race, 2014–2017
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22

Searches

Contraband Found

#

#

%

#

% of searches

% of stops

Asian

77,984

1,208

1.6%

376

31.1%

0.48%

Black

70,710

10,932

15.5%

1,462

13.4%

2.1%

Latinx

62,633

4,485

7.2%

687

15.3%

1.1%

Native American

150

12

8.0%

1

8.3%

0.67%

White

163,034

3,971

2.4%

1,010

25.4%

0.62%

Other Race

80,422

1,633

2.0%

341

20.9%

0.42%

were most likely to result in a search (15.5% and 7.2%
of stops, respectively). Moreover, searches of Black and
Latinx drivers were the least likely to result in the discovery of contraband. Among drivers who were stopped
and searched by SFPD, 13.4% of Black drivers and 15.3%
of Latinx drivers were found with contraband, compared
to 25.4% of White drivers and 31.1% of Asian drivers. The
elevated search rates for Black and Latinx drivers and
the lower rates of contraband found produced by these
searches suggest that Black and Latinx drivers experience a greater burden of stops and searches relative
to White drivers. Additionally, while the total counts of
stops and searches are low for Native American drivers,
this group is searched at the second highest rate, and
these searches are least likely to result in the discovery
of contraband.

that result in citation or arrest. In fact, stops of Black drivers were the most likely to end without the issuance of a
citation or arrest.

SUMMARY OF FINDINGS
Our analysis reveals racial disparities in vehicle stops
and post-stop actions taken by SFPD officers. Black people make up about 6% of the estimated population of
San Francisco drivers but they made up about 16% of
all vehicle stops made by SFPD from 2014 to 2017. On
a per capita basis, Black drivers were about 2.5 times
more likely to be stopped than White or Latinx drivers,
and 4 times more likely than Asian drivers. Our analysis
of citation and arrest rates suggests that these findings
are not explained by a greater propensity among Black
drivers to engage in motor vehicle or criminal violations

Section IIB: Pedestrian Stops and Racial
Disparities

Additionally, once stopped, Black and Latinx drivers
were most likely to be subject to a search (15.5% and
7.2% of stops, respectively) compared to White and
Asian drivers (about 2% of stops); searches of Black
and Latinx drivers were also the least likely to result in
the discovery of contraband. These findings suggest
that SFPD officers’ suspicion of illegal activity is less
likely to be accurate for Black and Latinx drivers, or it
may reflect that officers use a lower threshold of suspicion for these groups. As noted earlier, this language
does not reflect a determination of the legality of a
stop or search.

This section presents information gleaned from SFPD’s pedestrian stop data. A pedestrian stop is defined as a single event in which a pedestrian on foot
is detained by police. Each detained individual counts
as one pedestrian stop for the purposes of this report,
regardless of the number of officers involved. Much
like the analysis for vehicle stops, we use descriptive
statistics to explore racial disparities and potential explanatory factors. As pedestrians are presumed to be
less transient than motorists, this analysis also includes

Figure 9. Number of SFPD Pedestrian Stops per Quarter, 2017
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multilevel modeling with demographic benchmarking
at the census tract (or neighborhood) level. Because
pedestrians are less likely than their motorist counterparts to traverse across large regions, characteristics
of the surrounding environment where stops occur can
be explored as possible contributors to their contacts
with law enforcement.
In this section we analyze the 62,068 pedestrian stops
SFPD made in 2017. This analysis was exclusively conducted for 2017 as this is the only year that reliable data
on SFPD pedestrian stops were available.

2017 Q3

2017 Q4

Figure 9 shows the variation in the number of pedestrian
stops made on a quarterly basis in 2017. SFPD stopped the
highest number of pedestrians in the third quarter (16,378
stops) and the lowest number of pedestrians in the fourth
quarter (14,840 stops). Figure 10, below, shows how SFPD
pedestrian stops in 2017 were distributed by racial group.
White people made up the largest percentage, accounting
for 40% of all individuals stopped, which is consistent with
their representation in the San Francisco County population (41%). In contrast, Black people made up 5% of the San
Francisco County population and accounted for 31.6% of

Figure 10. Number of Pedestrian Stops by Race, 2017
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Figure 11. Number of Pedestrian Stops by Race and Officer Work Unit, 2017
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where they represented 34% and 28% of pedestrians stopped by officers assigned to those districts,
respectively. The largest numbers of stops of Latinx
pedestrians were made by SFPD officers assigned
to the Mission district (2,781 stops), Tenderloin district
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• Black residents accounted for the largest share of
stops among officers assigned to Bayview, Tenderloin, and Special Divisions (which includes Traffic
Company and other smaller units), accounting for
56% (1,725 stops), 41% (4,950 stops), and 39% (510
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Figure 12. Rate of Pedestrian Stops Per 1,000 Population by Race, 2017
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pedestrians were made by SFPD officers assigned
to the Tenderloin district (4,360 stops), Mission district (3,590 stops), and Central district (3,059 stops).
• Asian residents did not account for the largest
share of stops in any district. The greatest share of
stops attributed to Asians was among stops made
by officers assigned to Airport (15%) and Ingleside
(11%). The largest numbers of stops of Asian pedestrians were made by SFPD officers assigned to the
Central district (520 stops), Tenderloin district (425
stops), and Ingleside district (388 stops).
To identify any racial disparities in the frequency of pedestrian stops, Figure 12 adjusts stops by the relative
population sizes of the different racial groups residing in
the city of San Francisco. The graph demonstrates that
Black pedestrians were stopped 446 times per 1,000
San Francisco county residents, compared to 70 stops
per 1,000 for White and Latinx individuals, and 13 stops
per 1,000 for Asians. Thus, in 2017, a Black resident was
6 times more likely to be stopped than a White resident
(risk ratio = 6.2), while a Latinx resident was about equally
likely (risk ratio = 1.0), and an Asian person was 80% less
likely (risk ratio = 0.2).
With Black pedestrians observed to be at greater risk of
being stopped by SFPD officers, it is important to explore
whether this disparity is explained by the increased likelihood of such pedestrians to engage in criminal code

violations, as such behavior would warrant the disproportionate contact experienced by this group. As with vehicle stops, reviewing data on searches and citations can
provide some initial clues and impressions. This analysis
includes all searches conducted during SFPD pedestrian
stops, some of which are dictated by policy rather than
an officer’s suspicion that the search will result in the discovery of contraband (e.g., searches incident to arrest are
mandated by policy, while officers have more discretion
in requesting a consent search).
About 44% of all pedestrian stops made by SFPD officers involved a search but, as shown in Figure 13, the
likelihood of a stop resulting in a search varied by racial
group. Once stopped by SFPD, about 36% of White pedestrians were searched, compared to 47% of Black and
Asian pedestrians and 56% of Latinx pedestrians.
It is useful to explore whether these higher search rates
are linked to differences in contraband yield rates. The
share of searches yielding contraband provides an indicator that can help assess equality in police contact
across racial groups. Specifically, disproportionate
searches and lower yield rates are an indicator of a
greater burden of police contact relative to other groups
and may suggest that officers’ suspicion of illegal activity
is less likely to be accurate for a particular group, or it
may reflect that officers use a lower threshold of suspicion for the group. As noted earlier, a lower threshold refers to the possibility that officers interpret behaviors as
25

Figure 13. Percentage of Pedestrian Stops With Searches by Race, 2017
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suspicious more often when the person engaging in that
behavior is a member of a given group than when the
person engaging in that behavior is a member of another
group. This language does not reflect a determination of
the legality of a stop or search.

also had the highest yield rate for contraband: Overall,
12.8% of searches of stopped Black pedestrians and
11.7% of searches of Latinx pedestrians resulted in the
discovery of contraband, compared to 9.2% for White
and Asian pedestrians.

Table 4 presents the contraband yield rates from SFPD
pedestrian searches for each racial group. The percentage of stops resulting in a search was highest for Latinx and Black pedestrians, and these two racial groups

As indicated in the previous analysis (see Figure 13),
stopped Black pedestrians were significantly more likely
to be searched by an SFPD officer than were stopped
pedestrians from other racial groups. Figure 14 illustrates

Table 4. Yield Rates of Pedestrian Searches by Race, 2017

Stops
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the differential burden of being stopped and searched
without an arrest for major racial groups in San Francisco.
On average, there were 81 searches without an arrest of
Black pedestrians for every 1,000 Black residents, compared to 14 per 1,000 Latinx residents, 8 per 1,000 White
residents, and 2 per 1,000 Asian residents.

Explanation 2 of the NJD analytic framework—might be
statistically associated with the observed disparities. For
example, higher crime rates in neighborhoods with larger shares of Black residents might explain, in part or in
whole, the disproportionately large rate of Black encounters with the police.

Thus, while the per capita rate of pedestrian stops for
Black residents was 6 times higher than for Whites, the
per capita rate of being stopped and searched without a
corresponding arrest was even greater (9.5 times higher
for Black residents than for Whites). This suggests that
the higher yield rates for searches of Black pedestrians
does not eliminate the racial disparity in the greater risk
of experiencing an unnecessary search (i.e., a stop and
search that does not result in an arrest) for Black residents relative to White residents.

Table 5 shows the results of this modeling exercise using
census-tract-level data to capture neighborhood crime
and socioeconomic characteristics that may influence policing practice in the field. The analysis examines whether
community characteristics are related to the likelihood
an individual is subject to a pedestrian stop in a given
neighborhood as well as the extent to which these neighborhood characteristics explain the patterns observed
above regarding the greater risk of pedestrian stops for
Black residents in San Francisco.

MULTILEVEL REGRESSION ANALYSIS
While the yield rate analysis does not provide clear evidence of racial disparities in decisions to search Black
and Latinx pedestrians relative to other racial groups, the
data do indicate higher stop rates for Black pedestrians
relative to all other racial groups. To better understand
what factors other than the race of the pedestrian might
contribute to the observed racial disparities in the likelihood of a pedestrian stop, we turned to multilevel regression analysis. We used this technique to explore whether
factors other than community member race—especially
factors conceptualized as community characteristics in

Model 1 serves as a baseline, showing that a Black pedestrian, on a per capita basis, is almost 12 times more likely
to be stopped than a White pedestrian who has contact
with SFPD in the same neighborhood, while an Asian
pedestrian is less likely to be stopped. Model 2 adds
the neighborhood crime rate as a second independent
variable. The coefficient for this new variable is positive,
which indicates that pedestrian stops are more likely to
occur in neighborhoods with higher crime rates. We can
also examine how the inclusion of this variable impacts
the statistical relationship between the likelihood of a
pedestrian stop and the race of the community member.
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Table 5. Regressions Predicting Pedestrian Stop Frequency

Model 1

Model 2

Model 3

Model 4

Model 5

Parameter

Pedestrian
Stop Incident
Ratio
(95% CI)

Pedestrian
Stop Incident
Ratio
(95% CI)

Pedestrian
Stop Incident
Ratio
(95% CI)

Pedestrian
Stop Incident
Ratio
(95% CI)

Pedestrian
Stop Incident
Ratio
(95% CI)

Asian

0.21*
(0.17, 0.26)

0.21*
(0.17, 0.27)

0.21*
(0.17, 0.27)

0.21*
(0.17, 0.26)

0.25*
(0.21, 0.31)

Black

11.82*
(9.68, 14.44)

11.82*
(9.68, 14.44)

11.94*
(9.68, 14.59)

11.82*
(9.78, 14.59)

14.73*
(12.31, 17.81)

Latinx

1.00
(0.83, 1.21)

0.99
(0.81, 1.20)

1.00
(0.84, 1.20)

1.00
(0.83, 1.21)

1.19
(0.99, 1.42)

White

1.0

1.0

1.0

1.0

1.0

# of Part 1
Crimes, +1 SD

6.62*
(4.18, 10.59)

% of Population
That is Black, +1
SD
% Living Below
Federal
Poverty Level,
+1 SD

5.00*
(3.25, 8.01)
3.29*
(1.95, 5.64)

1.22
(0.73, 2.12)

5.81*
(3.60, 9.68)

5.42*
(3.13, 10.07)

Asian*Poverty

0.63*
(0.52, 0.74)

Black*Poverty

0.41*
(0.34, 0.49)

Latinx*Poverty

0.60*
(0.50, 0.71)

*p < 0.05. This indicates statistical significance at the 95% confidence level.
Note: CI = confidence interval; SD = standard deviation. The confidence interval means that there is a 5% likelihood that the true value of the
coefficient lies outside of the range of values shown in parentheses for each coefficient. The standard deviation measures the variation or dispersion
in observed values of the variable.
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If the higher rate of stops of Black pedestrians was driven by the crime rates in the neighborhoods where the
stops occurred, we would expect to see a large decline
in the coefficient for Black race. In fact, the coefficient
does not change.
Subsequent models add the share of the neighborhood
population that is Black and the neighborhood poverty
rate as additional independent variables. Like the crime
rate, these variables are associated with an increased
frequency of pedestrian stops in a given neighborhood.
After accounting for these factors, the Black coefficient
does not decline; it actually increases in Model 5, which
includes all four independent variables. In this model, a
Black pedestrian is 14.73 times more likely to be stopped
than a White pedestrian, adjusted for population numbers.
While it is not possible to control for every conceivable
contributing factor, this suggests that being Black is associated with an increased risk of a pedestrian stop, even after accounting for the possibility that there are systematic
differences by race in the neighborhood characteristics
and crime rates of the areas where the stops occur.
PARITY SCORE
We conducted additional analysis of pedestrian stops
by examining estimated pedestrian stop “parity scores”
for individual officers on the SFPD force. This analysis
uses a technique called kernel density estimation to first
map the geographical area (or “beat”) where a given
officer most frequently engages in pedestrian stops.
We then compared the racial distribution of an officer’s
stops to the racial distribution of the population residing in that officer’s beat. A parity score is estimated for
each officer for each racial group. The difference in the
share of the officer’s stops of a given racial group from
the share of population for a given racial group is the
officer’s parity score for that group. A score above zero
indicates that an officer is stopping members of a group
at a disproportionately high rate relative to the resident
population in the area they police. Importantly, the parity score is not a measure of bias but is a measure of
disparity in enforcement and an indicator that biased
behavior could be present.
In Figure 15, each dot represents the “parity” of pedestrian stops of a given racial group to the demographics

in the patrol area for an SFPD officer. Although each dot
illustrates the stop behavior of an individual officer, the
analysis is provided as a de-identified aggregate illustration of stop patterns across SFPD officers. This is useful
for examining whether any observed disparities in per
capita stop rates are driven by the stop practices of a
small number of officers, or whether these disparities
are present in the stop patterns of a larger proportion of
SFPD officers.
In the figure, dots in the green zone at the center reflect
officers for whom the number of people they stopped
was proportional to the racial makeup of the residents
within the area they patrol. A dot to the right side of the
green area indicates that the proportion of people that
officer stopped from that racial group was significantly
higher than the proportion of residents in that group in
the officer’s patrol area.
Figure 15 reveals that the majority of SFPD officers
stopped a higher number of Black pedestrians than we
would expect given the demographic composition of residents in the officers’ patrol areas. For Latinx pedestrians,
a small number of officers made a disproportionately low
number of stops, and an even smaller number made a
disproportionately high number of stops; most officers
were in the green or yellow zones. The majority of SFPD
officers stopped a roughly proportional to slightly less
than proportional number of White pedestrians relative to
the number of White residents in their patrol areas. Finally, a substantial number of SFPD officers stopped a disproportionately lower number of Asian pedestrians than
we would expect given the demographics of the area the
officer patrols. This analysis suggests that the higher per
capita stop rates for Black pedestrians and the lower per
capita stop rates for White and Asian pedestrians are not
driven by the stop behavior of a small number of officers.
SUMMARY OF FINDINGS
The analysis described above reveals racial disparities
in the frequency with which SFPD officers made pedestrian stops. Despite making up 5% of the resident
population of San Francisco, Black pedestrians made up
31.6% of SFPD’s 2017 pedestrian stops. On a per capita
basis, Black residents were 6 times more likely to be
stopped than White residents. Statistical analysis that
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Figure 15. Parity Scores for Pedestrian Stops, 2017
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accounts for the neighborhood characteristics (including poverty and crime rates) in which pedestrian stops
occurred showed that, averaging across all neighborhoods, the per capita rate of stops of Black pedestrians
was over 14 times higher than the per capita rate for
White pedestrians.

Additionally, stopped Latinx and Black pedestrians were
more likely to be searched than White or Asian pedestrians.
Even though SFPD officers discovered contraband slightly
more often during searches of Black and Latinx pedestrians,
this came at the expense of a substantial disparity in the risk
of being stopped and searched without an associated arrest.
Black pedestrians were over 9.5 times as likely as White pedestrians to be stopped and searched without an arrest, and
Latinx pedestrians were over 1.5 times as likely as White pedestrians. This suggests that Black and Latinx residents face
a greater burden of stops and searches without an arrest relative to White and Asian residents in San Francisco.
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These findings are not explained by a greater propensity for
Black pedestrians to engage in criminal violations that result
in an arrest—once they were stopped, Black pedestrians
were almost 10 times more likely than White pedestrians to
be searched but not arrested, and Latinx pedestrians were
almost twice as likely as White pedestrians to be searched
but not arrested. Thus, similar to with vehicle stops, disparities in pedestrian stops made by SFPD officers suggest Black
pedestrians experience a greater burden of stops compared
to White pedestrians.
RECOMMENDATIONS: VEHICLE AND PEDESTRIAN
STOPS
1. Require supervisor review of stop records. We
recommend that SFPD adopt a policy requiring
officers to submit to their supervisors on a daily
basis a brief narrative explanation of the basis for
each stop they conduct. We recommend that this

policy also require supervisors to review these
reports in a timely manner to ensure that stops
are supported by reasonable suspicion and are
consistent with SFPD policy and applicable law.

Section IIC: Use of Force and Racial
Disparities
This section describes findings related to use-of-force
incidents reported by SFPD. We present descriptive
statistics and describe findings from multilevel regression models designed to assess whether any observed
racial disparities in SFPD use of force can be explained
by neighborhood characteristics, including poverty,
crime rates, and racial demographics. When multiple
types of force were reported to have been used on a
single person during a given incident, or when multiple
officers were involved in a given incident, our analysis
counts the event as a single incident. A single incident,
then, could include multiple force types, multiple applications of force, or multiple officers using force against
a single individual.
SFPD recorded a total of 5,020 use-of-force incidents
over the 3-year period between 2016 and 2018. A small
proportion of use-of-force records (under 5%) were excluded from specific analyses due to incomplete data.20
Figure 16 shows the number of use-of-force incidents that
SFPD recorded for all racial groups each quarter during
the 2016 to 2018 period.

As can be seen in the graph, there was quarterly variation
and an overall annual decline in SFPD use-of-force incidents from 2016 to 2018. The highest number of use-offorce incidents in the 3-year period was observed during
the second quarter of 2016, with a total of 502 incidents.
This was followed by fluctuating increases and decreases across each quarter, ending with the lowest number
occurring during the last quarter of 2018, when SFPD had
a total of 350 use-of-force incidents.
Figure 17 illustrates the proportion of all SFPD use-offorce records accounted for by each type of force. The
most frequent type of force reported by SFPD officers
over the 3-year period was the pointing of a firearm at a
community member: SFPD reported 3,146 such records,
which accounted for 57.4% of reported uses of force.
This was followed by physical control, which made up
24% of reported uses of force (1,316 incidents); 10.6% involved strikes by an object or fists (580 incidents). Overall, 3.4% of uses of force involved impact weapons (187
incidents) and 2.2% involved Oleoresin Capsicum (OC)
spray (120 incidents). SFPD reported 45 uses of extended range impact weapons (ERIW) and 14 incidents of a
discharged firearm.
Figure 18 examines variation across racial groups with
respect to experiencing each type of force. The greatest proportion of incidents where a firearm was pointed
involved Black community members, accounting for just

Figure 16. Number of Use-of-Force Incidents per Quarter, 2016–2018
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20 A total of 178 incidents were excluded from some analyses due to missing data on community member race.
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under 50% (1,481 incidents) of the total incidents where
that type of force was used. Black people were also the
most represented racial group among all other force
types, with the exception of the small number of incidents
involving ERIWs and those categorized as “other force.”
Among incidents involving OC spray and the striking of a
community member with an object or fist, approximately
43% involved Black community members (49 and 238 incidents, respectively).

share of Latinx community members were the use of an
ERIW (27%, or 12 incidents) and the striking of a community member with an object or fist (25%, or 139 incidents).

The types of force that involved the largest share of White
community members were use of an ERIW and “other”
types of force. Whites made up 45% (20 incidents) and
42% (31 incidents) of the community members involved
in incidents where those types of force were used, respectively. The types of force that involved the largest

• The incidents involving the greatest proportion of
Black community members were those reported
by officers assigned to Special Divisions (which
includes the Traffic Company as well the K-9 Unit,
Explosive Ordnance Disposal, and others), Bayview, and Tactical Company. Black individuals

Figure 19 shows the number of incidents of use of force
by SFPD work unit and race of the community member
over the 3-year period. This figure demonstrates that the
distribution of use-of-force incidents across racial groups
varied substantially by officer assignment.
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900 19. Number of Use-of-Force Incidents by Race and Officer Work Unit, 2016–2018
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experiencing use of force within those
volved in incidents. The highest volume of useassignments, respectively. The highest numbers of
use-of-force incidents involving Black community
members were associated with officers assigned
to Bayview (381 incidents), Mission (293 incidents),
and Tenderloin (249 incidents).
• Use-of-force incidents involving the greatest
numbers and proportions of Latinx community
members were reported by officers assigned to
the Ingleside and Mission districts, accounting
for 38% (163 incidents) and 34% (276 incidents) of
incidents involving officers assigned to those districts, respectively.
• White community members were most represented in use-of-force incidents with officers
assigned to the Park and Richmond districts,

of-force incidents involving White community
members was associated with officers assigned
to the Mission (208 incidents), and Central (166
incidents) districts.
• There were only two work units in which the proportion of use-of-force incidents against Asian
community members was greater than 10% of all incidents, including 28 incidents among officers assigned to Richmond (14%) and six incidents among
officers assigned to Administration (24%).
Figure 20 shows the 3-year average of the incidence
of SFPD use of force by racial group, adjusted for the
population size of each group. The risk ratios for being
subjected to use of force for each racial group relative to
the risk for Whites are shown in Table 6.
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Figure 20 reveals that, between 2016 and 2018, Black people experienced use of force by an SFPD officer 16.5 times
per 1,000 Black San Francisco residents, compared to 1.2
per 1,000 for Whites, 2.8 per 1,000 for Latinx individuals,
and 0.37 per 1,000 for Asians. Thus, as reported in Table 6,
a Black resident was 14.18 times more likely to have force
used on them than a White resident, while a Latinx resident
was 2.38 times more likely than a White resident to have
force used on them by an SFPD officer. There was a small
but consistent decline in the disparity between use-of-force
rates for Black and Latinx residents relative to White residents over the 3-year period.

examines use of force incidents relative to Part 1 arrests
(rather than Part 1 crimes). We note that this analysis tends
to provide a conservative estimate of racial disparities in
use of force, as racial disparities in enforcement can result
in overestimates of racial differences in engaging in crime.

We were also interested in examining whether disparities
in use of force may be related to racial differences in the
likelihood of engaging in serious crime. Because complete data on the racial identity of those involved in reported crime is inevitably incomplete, this analysis instead

It shows that for every 1,000 Black individuals arrested for
a Part 1 crime in 2016–2017 there were 443 use-of-force
incidents involving Black individuals. It further illustrates
that there were 665 uses of force per 1,000 Latinx people
arrested for Part 1 crimes, 521 per 1,000 Asians arrested,

Figure 21 divides per capita use-of-force incidents for
each racial group by per capita arrests for Part 1 crimes
reported for that racial group in the municipality during
the observation period. Due to limitations in availability of
arrest data for 2018, this figure includes records for 2016
and 2017 only.

Table 6. Risk Ratios for Use of Force, 2016–2018
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and 367 per 1,000 Whites arrested. This analysis provides
further evidence that White individuals are at the lowest
risk of use of force by SFPD, including when arrest rates
for Part 1 crimes are taken into account. It suggests that
Latinx individuals, followed by Asian individuals, may be
at the highest risk of use of force once arrest rates are
accounted for.
The disparity in use-of-force rates between Black and
White individuals is lower with this benchmarking approach than with per capita resident benchmarking. This
may suggest that a portion (but not all) of the disparity
between Black and White individuals in SFPD use of
force can be explained by variation in arrests for serious
crimes. As noted above, this analysis tends to provide a
more conservative estimate of racial disparities in use of
force, as racial disparities in enforcement can result in
overestimates of racial differences in engaging in crime.
MULTILEVEL REGRESSION ANALYSIS
To better understand what factors other than race itself
might contribute to the observed disparity in use of force
by racial group, we turned again to multilevel regression
analysis. As in our analysis of pedestrian stops, we used
this technique to explore whether factors other than community member race might be statistically associated with
observed disparities. For example, higher crime rates in
neighborhoods with larger shares of Black residents might
explain, in part or in whole, the higher rate of Black and Latinx encounters with the police.

Latinx

White

Table 7 shows the results of this modeling exercise using
census-tract-level data to capture neighborhood crime
and socioeconomic characteristics that may influence
policing practice in the field.
Model 1 serves as a baseline, showing that a Black community member, on a per capita basis, is 16.28 times
more likely than a White community member to be subjected to use of force by an SFPD officer. The model also
shows that a Latinx community member is 1.63 times as
likely as a White community member to be subjected to
use of force.
Model 2 adds the neighborhood crime rate as a second independent variable. The coefficient for this new
variable is positive, which indicates that use-of-force incidents are more likely to occur in neighborhoods with
higher crime rates. We can also examine how the inclusion of this variable impacts the statistical relationship
between the likelihood of a person being subjected to
use of force and the race of the community member. If
the higher rate of police use of force on Black and Latinx
community members is driven by the crime rates in the
neighborhoods where the use of force occurs, we would
expect to see a large decline in the coefficient for Black
or Latinx race. In fact, those coefficients do not change.
This suggests that when we take into account the impact
of neighborhood crime on the likelihood of use-of-force
incidents, the effect of a community member’s race on
the risk of force being used on them remains unchanged.
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Table 7. Regressions Predicting Frequency of Use of Force

Model 1

Model 2

Model 3

Model 4

Model 5

Parameter

Use-of-Force
Incident Ratio
(95% CI)

Use-of-Force
Incident Ratio
(95% CI)

Use-of-Force
Incident Ratio
(95% CI)

Use-of-Force
Incident Ratio
(95% CI)

Use-of-Force
Incident Ratio
(95% CI)

Asian

0.30*
(0.24, 0.38)

0.31*
(0.24, 0.39)

0.30*
(0.24, 0.37)

0.30*
(0.24, 0.38)

0.30*
(0.24, 0.38)

Black

16.28*
(13.46, 19.69)

16.28*
(13.46, 19.89)

16.12*
(13.46, 19.69)

16.12
(13.46, 19.69)

18.73*
(15.64, 22.42)

Latinx

1.63*
(1.35, 1.99)

1.62*
(1.32, 1.95)

1.62*
(1.35, 1.97)

1.62*
(1.34, 1.92)

1.72*
(1.41, 2.08)

White

1.0

1.0

1.0

1.0

1.0

# of Part 1
Crimes, +1 SD

3.16*
(2.51, 4.02)

% of Population That is
Black, +1 SD
% Living Below
Federal Poverty Level, +1 SD

2.67*
(2.14, 3.35)
1.79*
(1.38, 2.36)

1.03
(0.80, 1.34)

2.67*
(2.03, 3.52)

2.51*
(1.86, 3.35)

Asian*Poverty

0.92
(0.76, 1.12)

Black*Poverty

0.63*
(0.54, 0.73)

Latinx*Poverty

0.83*
(0.71, 0.97)

*p < 0.05. This indicates statistical significance at the 95% confidence level.
Note: CI = confidence interval; SD = standard deviation. The confidence interval means that there is a 5% likelihood that the true value of the
coefficient lies outside of the range of values shown in parentheses for each coefficient. The standard deviation measures the variation or
dispersion in observed values of the variable.

Subsequent models add the share of the neighborhood population that is Black and the neighborhood
poverty rate as additional independent variables. Like
the crime rate, these variables are associated with
an increased frequency of use-of-force incidents in a
given neighborhood. After accounting for all four independent variables in Model 5, the Black coefficient
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not only does not decline, but actually increases. In
this model, a Black community member is nearly 19
times more likely than a White community member to
be subjected to use of force, adjusted for population
numbers. Latinx community members are also still 1.72
times as likely to experience use of force compared to
White community members.

Table 8. Regression Predicting Likelihood of Experiencing the Pointing or Use of a Firearm

Parameter

Model 1
Use-of-Force Incident Ratio
(95% CI)

Asian

0.31* (0.25, 0.39)

Black

18.54* (15.49, 22.20

Latinx

1.82* (1.51, 2.18)

White

1.0

# of Part 1 Crimes, +1 SD

1.70* (1.49, 1.95)

% of Population That is Black, +1 SD

0.84* (0.74, 0.96)

% Living Below Federal Poverty Level, +1 SD

1.82* (1.55, 2.16)

Asian*Poverty

0.93 (0.78, 1.09)

Black*Poverty

0.64* (0.56, 0.73)

Latinx*Poverty

0.84 (0.73, 0.98)

*p < 0.05. This indicates statistical significance at the 95% confidence level.
Note: CI = confidence interval; SD = standard deviation. The confidence interval means that there is a 5% likelihood that the true value of the
coefficient lies outside of the range of values shown in parentheses for each coefficient. The standard deviation measures the variation or
dispersion in observed values of the variable.

Although it is not possible to control for every conceivable contributing factor, this analysis suggests that per
capita use of force is significantly higher for Black residents than for White residents, after we account for
differences in neighborhood characteristics and crime
rates in the area where the force incident occurs.
SPECIAL ANALYSIS: POINTING AND USE OF FIREARMS
SFPD indicated specific interest in examining deadly
force incidents more closely. Given that there were only
14 instances in the dataset in which a firearm was discharged (representing fewer than 0.5% of all records in
the analysis), we provide additional analysis of incidents
that had the potential for deadly force by focusing on
those that involved the pointing or discharge of a firearm.
To better understand what factors other than race itself might contribute to the observed disparity in

firearm-related use-of-force incidents by racial group, we
again utilized multilevel regression analysis. The first model, shown in Table 8, uses the same explanatory variables
as in the regression model described above, but instead
examines the number of incidents per capita by race of
pointing or using a firearm in a given neighborhood (i.e.,
per census tract). This analysis examines whether the
rate of use of a firearm on a community member varies
by racial group and, if so, the extent to which the variation
is explained by census-tract-level data on neighborhood
crime and socioeconomic characteristics that may influence policing practice in the field.
In this modeling exercise we examined racial disparities
after adjusting for population numbers and controlling
for the characteristics of the neighborhood in which the
use of force occurred (the number of Part 1 crimes, the
percentage of residents in poverty, and the percentage
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Table 9. Regression Predicting Likelihood of Experiencing the Pointing or Use of a Firearm
Relative to All Types of Force

Parameter

Model 1
Use-of-Force Incident Ratio
(95% CI)

Community Member Armed (Yes)

1.57* (1.25, 1.97)

Community Member Altered Mental State (Yes)

0.12* (0.10, 0.14)

Community Member Homeless (Yes)

0.58* (0.48, 0.69)

Officer Injury

0.03* (0.02, 0.05)

Officer Age

1.00 (0.99, 1.01)

Asian

1.31 (0.97, 1.79)

Black

1.21* (1.01, 1.45)

Latinx

1.11 (0.90, 1.37)

White

1.0

*p < 0.05. This indicates statistical significance at the 95% confidence level.
Note: CI = confidence interval; SD = standard deviation. The confidence interval means that there is a 5% likelihood that the true value of the
coefficient lies outside of the range of values shown in parentheses for each coefficient. The standard deviation measures the variation or
dispersion in observed values of the variable.

of the population that is Black) as well as for the interaction between the poverty rate and whether the community member subjected to force is Asian, Black, or
Latinx. After accounting for these factors, we found that
the per capita risk of having a firearm pointed or used
by SFPD is more than 18 times higher for Black residents
and nearly 2 times higher for Latinx residents than for
White residents.
The interaction between race and neighborhood poverty also shows that the racial disparities are more pronounced in neighborhoods with lower levels of poverty.
In other words, the disparity in the per capita risk of a
firearm being pointed at or used on Black and Latinx residents (compared to Whites) is greater in wealthier neighborhoods in San Francisco than in more economically
disadvantaged neighborhoods. Although it is not possible to control for every conceivable contributing factor,
this analysis suggests that Black and Latinx residents are
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at a higher risk of having a firearm pointed at or used on
them by an SFPD officer. Moreover, this disparity is not
explained by the neighborhood characteristics and crime
rates in the area where the force incident occurs.
The model in Table 9 examines the likelihood of an officer
pointing or using a firearm specifically within encounters
in which a police officer uses some type of force. In this
model, instead of examining the effect of neighborhood
characteristics, we account for aspects of the encounters
themselves, including whether the community member is
armed, whether the community member is described as
being in an altered mental state, whether the community
member is homeless, whether the officer has sustained
an injury, and the officer’s age.
As can be seen in Table 9, characteristics of the encounter are related to the likelihood a use-of-force incident will
involve pointing or discharging a firearm. A use-of-force

encounter is 1.57 times as likely to involve an officer
pointing or discharging a firearm if the community member is described as armed by officers. Community members who the officer reports to be in an altered mental
state or to be homeless are less likely to have a firearm
pointed at or used on them than those not in an altered
state or homeless. This model suggests that when an
encounter between a community member and an SFPD
officer involves a use of force, Black individuals are 1.21
times more likely than White individuals to have a firearm pointed at or used on them, after taking into account
whether the individual is armed, as well as characteristics
of the individual (e.g., in an altered state, homeless) and
the officer (e.g., age, reports being injured).21
SUMMARY OF FINDINGS
The analysis discussed above reveals racial disparities
in use of force by SFPD officers, as well as a small but
consistent decline in these disparities over the study period. After adjusting for the size of the resident population,
there were 14.18 times more use-of-force incidents per
Black resident and 2.38 times more per Latinx resident
as compared to the rate for White residents.
The disparity in use-of-force rates between Black and
White residents is smaller when we account for arrests
for serious crime, which suggests racial differences in
arrest rates may account for some but not all of the per
capita disparities we observed. Arrest-rate benchmarking suggests Latinx and Asian individuals experienced
more frequent uses of force relative to arrests for serious crimes than did White or Black individuals.

times higher for Latinx residents than for White residents
in the same neighborhood. Additional analysis accounts
for characteristics of incidents where officers used force
(including whether the community member was armed);
there, the likelihood that the incident involved pointing
or discharging a firearm (rather than another force type)
is 1.21 times higher for Black individuals than for Whites.
RECOMMENDATIONS: USE OF FORCE
1. Update policy on drawing firearms. We recommend that SFPD update Department General
Order 5.01 (Use of Force) to clarify the circumstances in which an officer may draw a firearm.
General Order 5.01 currently states that an officer
may point a firearm only when the officer has a
"reasonable perception of a substantial risk that
the situation may escalate to justify deadly force."
General Order 5.01 provides, however, that an
officer may draw a firearm whenever the officer "has reasonable cause to believe it may be
necessary for [the officer's] own safety or for the
safety of others." We recommend that SFPD update General Order 5.01 to align requirements
for drawing a weapon with the existing higher
standard for pointing a firearm. In other words, we
recommend that SFPD amend General Order 5.01
policy to add that officers may only draw or point
their firearms if they reasonably believe that there
is a substantial risk that the situation may escalate
to the point where deadly force may be justified.

Statistical analysis taking into account neighborhood
crime rate, poverty rate, and the share of the population
that is Black, we find that per capita use-of-force rates are
nearly 19 times higher for Black residents and almost 2

21 A second model examining the likelihood of a community member being injured also showed Black community members were less likely to
be injured in use-of-force incidents, likely because officers are more likely to point their firearms at Black community members, eliminating the
need for officers to use physical force. Relatedly, community members described as being in an altered mental state were 4.7 times as likely as
community members not in an altered mental state to be injured, and homeless community members were 1.5 times as likely as non-homeless
community members to be injured.
A third model found that when an officer was injured, the community member was significantly less likely to have a firearm pointed at or used on
them (-0.03 times as likely) than in incidents when the officer was not injured. These models are not causal. As such, this shows that in incidents
involving an officer injury, the officer is less likely to draw their firearm. One potential explanation is that if an officer is pointing their firearm at a
community member, there’s less of a need to become physical with the community member, thus reducing the likelihood that they face injury. In
other words, when an officer is injured, it may be because they have not used potentially deadly force, and they are instead likely to use a more
physical (but less potentially deadly) type of force.
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SECTION III: OFFICER CLIMATE
SURVEY
We now turn to the results of the climate survey administered to SFPD
officers. Decades of empirical research reveal that social attitudes, including
those not consciously recognized or acknowledged by an individual, can
make that individual vulnerable to enacting bias—sometimes more so than
conscious intent. Accordingly, it is important to assess attitudes that can have
implications for how officers operate in the field.
Attitudes are often interconnected with beliefs, so it is important to evaluate beliefs as well. Consequently, the climate
survey measured attitudes and beliefs that social science has
shown can:
• increase the risk that officers will engage in inequitable
and burdensome policing practices;

given question, between 287 and 550 officers provided
analyzable responses.
Of the officers who chose to participate in the survey, 213
(33.7%) identified as male, 48 (7.6%) identified as female,
17 (2.7%) identified as other, and 355 (56.1%) did not report
their gender. The racial demographics of the participants
were as follows:

• increase the likelihood that officers will be resistant to
policies and procedures that enhance community trust;
and

• 127 (20.1%) of participants identified as non-Latinx
White (“White”)

• undermine the optimal job performance of officers.

• 16 (2.5%) identified as non-Latinx Black (“Black”)

The climate survey assessed SFPD officers’ implicit and
explicit bias as well as perceptions of organizational justice, all of which may affect the risk that cognitive bias
could result in racially disparate behavior. The presence of
risk factors, or even the presence of biased perceptions,
does not guarantee that officers will behave in biased
ways. Rather, these factors signal cognitive vulnerabilities,
which can be compounded or mitigated by situational
factors such as departmental policy or customary norms
and practices. Awareness and mitigation of these risks can
help ensure more equitable treatment of community members by SFPD officers.

• 21 (3.3%) identified as Latinx
• 31 (4.9%) identified as non-Latinx Asian (“Asian”)
• 48 (7.6%) identified as mixed race
• 26 (4.1%) self-identified as non-Latinx Other Race,
American Indian/Native American, or Native Hawaiian/Other Pacific Islander
• 364 (57.5%) of participants did not report their race

Climate Survey Results
Each sworn SFPD officer was invited to complete the climate survey. The survey was administered electronically,
and officers had the option to take it during or after work
hours. In total, 633 officers completed the survey. For any
40

Below we outline the social constructs measured in relationship to inequitable and burdensome policing, community trust, and optimal job performance. A social construct
is an idea or viewpoint constructed by a group of people to

Table 10. Constructs Related to Inequitable and Burdensome Policing

Construct

Definition

Mean

SD

Social
Dominance
Orientation

The endorsement of social hierarchies in which some groups have
power and privilege while others do not. Such a perspective can
make individuals feel justified in treating others inequitably.
[Measured on a scale from 1 to 7, with higher values indicating stronger
endorsement of social hierarchies.]

2.61

1.14

Stereotype
Threat

Anxiety that one will inadvertently confirm a stereotype related to a
social group in which one has membership. This anxiety can cause
individuals in positions of power to escalate tense interactions
(particularly with marginalized groups) in ways that can be harmful to
community members.
[Measured on a scale from 1 to 7, with higher values indicating greater
worry about confirming stereotypes about police officers.]

4.98

1.39

Ambivalent
Sexism

Harboring prejudice toward women that can be either hostile or
benevolent but ultimately leads to negative evaluations of women as
a group.
[Measured on a scale from 1 to 7, with higher values indicating stronger agreement with gender stereotypes and negative evaluations of
women.]

3.06

1.15

Toughness
Norms

Support of cultural views and practices that define masculinity
as toughness, such as perceiving a need to dominate others or
believing that violence can be an appropriate way to demonstrate
masculinity.
[Measured on a scale from 1 to 7, with higher values indicating greater
endorsement of toughness norms.]

4.29

1.15

Misconception
of Juvenile
Responsibility

Perceptions about the ability of adolescents to function with the
same level of maturity and rational thinking as adults. These perspectives run counter to the biological facts of adolescent development, wherein youth do not fully develop maturity and the understanding of long-term consequences until they have reached young
adulthood. Such a misconception places one at risk of interacting
with and punishing youth in inappropriate ways.
[Measured on a scale from 1 to 7, with higher values indicating stronger
agreement with statements about positive attitudes toward juveniles.]

3.49

1.19

Continued on the next page
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Continued from the previous page

Negative
Associations
with Blackness

Associating members of the Black racial group with negative concepts, such as being bad or criminal, as measured by the Implicit
Association Test.
[Measured on a scale from -2.0 to 2.0, with scores diverging from 0
indicating negative associations. That is, a score of 0 indicates attitudinal neutrality, while a positive score indicates anti-Black bias, and a
negative score indicates anti-White bias.]

Positive or
Negative
Feelings Toward
Various Social
Groups

Self-assessment of “warm” or “cold” feelings toward a particular
social group.
[Measured on a scale from 0 (cold) to 100 (warm).]

Perceptions
of Community
Attitudes Toward
Police
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0.27

0.55

Black persons

68.29

23.07

White persons

68.01

22.67

Latinx persons

69.42

22.25

Asian persons

70.89

21.84

Immigrants

68.97

23.42

Muslims

68.14

24.20

Gay men

71.01

22.59

Lesbians

70.17

22.87

Transgender women

67.75

24.43

Transgender men

67.48

24.50

Persons with mental illness

67.75

23.29

Whites toward police

57.59

21.70

Blacks toward police

40.34

22.70

Latinos toward police

45.82

21.74

Asians toward police

60.17

21.11

Self-assessment of “warm” or “cold” feelings that a particular social
group has toward police.
[Measured on a scale from 0 (cold) to 100 (warm).]

Table 11. Constructs Related to Community Trust

Construct

Trust in
Community

Support for
Procedurally Just
Policing

Effects of Publicity

Definition
Perceptions of the level of trustworthiness of community members.
Officers who feel they cannot trust the community are likely to be less
inclined to support practices or policies that will build community trust
overall.
[Measured on a scale from 1 to 7, with higher values indicating greater
trust in the community.]
Procedurally just policing is characterized by respectful interactions
with community members and objective decision making on the part
of law enforcement. Officers who support these practices are likely
to be more inclined to support policies and practices that enhance
community trust; the opposite would be the case for officers who do
not support procedurally just policing.
[Measured on a scale from 1 to 7, with higher values indicating stronger
endorsement of procedurally just policing.]
The perspective that negative media coverage of police officers has
made the job of law enforcement more dangerous and has depressed
morale. Officers who feel this way may be apprehensive about engaging with community members, and therefore may be less inclined to
engage in practices or support policies that enhance community trust.

Mean

SD

3.15

1.10

6.38

0.74

5.52

1.27

[Measured on a scale from 1 to 7, with higher values indicating greater
agreement with statements about the negative effects of media coverage on officer safety.]

Table 12. Constructs Related to Workplace Well-Being and Optimal Job Performance

Construct

Physical Health

Definition

Mean

SD

A state of physical well-being. Those reporting sound physical health
are better positioned to perform competently within their professional
roles.
[Measured on a scale from 1 to 7, with higher values indicating better
physical health.]

5.23

1.17

Continued on the next page
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Mental Health

A state of mental well-being. Those reporting sound mental health are
better positioned to perform competently within their professional roles.
Positive affect
[Measured on a scale from 1 to 7, with higher values indicating the
experience of positive emotions and/or a healthy self-concept.]

4.67

1.28

Negative affect
[Measured on a scale from 1 to 7, with higher values indicating the
experience of negative emotions and/or a poor self-concept.]

2.06

1.01

5.48

0.81

Job Stress

Mental or emotional strain caused by the workplace environment.
Those reporting low levels of job stress are better positioned to perform competently within their professional roles.
[Measured on a scale from 1 to 7, with higher values indicating higher
levels of stress.]

4.40

1.21

Job
Satisfaction

Satisfaction in response to the workplace environment. Those reporting high levels of job satisfaction are better positioned to perform
competently within their professional roles.
[Measured on a scale from 1 to 7, with higher values indicating greater
job satisfaction.]

4.17

1.08

Organizational
Distributive
Justice

Perceptions by individuals within an organization that they are treated
fairly with regard to the outcomes of decisions and the distribution of
organizational resources. Individuals who perceive a lack of organizational distributive justice are at risk of engaging in inappropriate and
unethical behaviors.
[Measured on a scale from 1 to 7, with higher values indicating stronger
perceptions of organizational distributive justice.]

2.61

1.22

Organizational
Interactional
Justice

Perceptions by individuals within an organization that they are treated
with dignity and respect within the organization, especially by their
supervisor(s). Individuals who perceive a lack of organizational interactional justice are at risk of engaging in inappropriate and unethical
behaviors.
[Measured on a scale from 1 to 7, with higher values indicating stronger
perceptions of organizational interactional justice.]

5.18

1.38

Overall affect
[A cumulative score summing a respondent’s positive affect scale
with a reverse scoring of the negative affect scale. Measured on
a scale from 1 to 7, with higher values indicating the experience of
greater positive emotions relative to negative emotions.]
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make sense of the world; it is held as true, whether or not it
reflects actual reality. The beliefs and attitudes measured
by these constructs are described in this section, as is their
relevance to the enhancement of equitable policing practices. All were assessed in the officer climate survey.
The tables that follow define the survey measures that
addressed each outcome of interest and present the
mean (average) scores and standard deviations for all
respondents who provided usable answers to the survey
questions. The discussion following each table summarizes the results, emphasizing responses to questions
with average scores that tend toward the high or low side
of the measurement scale, which may indicate attitudes
or beliefs that could substantially influence officers’ behavior in the field.
INEQUITABLE AND BURDENSOME POLICING
The inequitable or burdensome policing of others is
characterized by biased judgments and behaviors, as
well as engaging with community members in ways that
are unnecessarily confrontational, demeaning, or otherwise taxing. The beliefs and attitudes in Table 10 are
considered risk factors for engaging in inequitable or
burdensome policing.
With respect to social dominance orientation, officers
expressed low endorsement of social hierarchy, with the
mean score being 2.61. The mean score for stereotype
threat was 4.98, suggesting that a substantial number of
SFPD officers experience stereotype threat in their interactions with community members. Experiencing anxiety
as a result of stereotype threat can be mentally taxing,
trigger officer defensiveness that undermines respectful
officer–community member communications, and prompt
inadvertent errors in judgment or behaviors by officers
that can be unjust.
The mean score on the ambivalent sexism scale was
3.06, indicating moderate disagreement with gender stereotypes. Officers expressed moderate endorsement of
toughness norms (averaging 4.29), and suggesting that
SFPD officers may be at increased risk of engaging in aggressive policing tactics.

The mean score for misconception of juvenile responsibility was 3.49, suggesting SFPD officers tended not to
agree with misconceptions about juveniles.
As part of the survey, officers completed the Implicit
Association Test (IAT) to measure implicit racial bias
against Black people. The IAT measures the strength of
associations between social groups (e.g., Black people,
gay people) and concepts or stereotypes (e.g., goodness, badness, criminality, clumsiness). The IAT included in the survey measured associations for Black and
White social groups. Overall, officers’ IAT scores averaged 0.27, indicating that, on average, officers demonstrated a slight but consistent unconscious bias against
Black people.
SFPD officers were also asked to provide ratings on a
series of feelings thermometers that serve as measures
of explicit bias toward various social groups. SFPD officers reported generally warm feelings toward all of the
groups included in the survey, and differences in levels of
warmth expressed toward groups were relatively minor:
The mean scores for all groups ranged between approximately 68 and 71.
COMMUNITY TRUST
Community trust is present when community members
perceive police officers to be reliable stewards of goodwill and guardians of public safety in whom they have
confidence. Trust is earned, and law enforcement officials must continually demonstrate their trustworthiness
through policies and daily interactions with the public.
However, there are certain perspectives and attitudes
that may make individual officers more or less inclined
to support policies or practices that create or enhance
community trust. Such perspectives and attitudes are
captured in the constructs in Table 11.
On average, officers expressed neutral to moderately
low trust in the community (the mean score was 3.15).
Additionally, a considerable number of SFPD officers
perceived negative media coverage of police officers
as a danger to the job of law enforcement (the mean
score was 5.52). Officers generally affirmed strong
support for procedurally just policing (the mean score
was 6.38).
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WORKPLACE WELL-BEING AND OPTIMAL JOB
PERFORMANCE
Workplace well-being and optimal job performance empower officers to police in ways that are equitable and
enhance public safety. Optimal job performance requires mental and physical well-being as well as trust in
the fairness of the workplace. Thus, the climate survey
measured officers’ perceptions of their physical, mental
and emotional health as well as their stress levels, job
satisfaction, and perceptions of workplace fairness, all of
which can affect performance in the workplace and commitment and ability to behave in accordance with institutional rules and policies.
SFPD officers were asked a number of questions about
their mental and physical health and well-being. While
they rated their jobs as moderately stressful (averaging
4.40), officers reported relatively low scores for negative
affect and relatively high scores for positive and overall
affect (with mean scores of 4.67 and 5.48, respectively).
Officer ratings of their physical health were relatively high
too, with an average score of 5.23.
SFPD officers were asked a number of questions about their
satisfaction with their current work placement and at SFPD
more generally (such as “Rate your satisfaction with your
current job,” “How much pressure are you under at work,”
“When I talk about this police department I usually say ‘we’
instead of ‘they’”). The mean score on such measures was
4.17, indicating somewhat positive job satisfaction.

For officers’ perceptions of distributive justice, the
mean score was 2.61, indicating a general belief that
officers are not treated very fairly with regard to the
how procedures are followed in the department. While
respondents ranked organizational distributive justice
rather low, ratings of interactional justice, or the degree
to which officers believe they are treated with dignity
and respect by their supervisors, were much higher (the
mean score was 5.18).

Multilevel Regression Analysis
As the perspectives and attitudes measured in the climate survey do not operate in isolation, we used multilevel regressions to test the relationships between
survey constructs. We specifically examined the degree
to which constructs related to optimal job performance
and inequitable policing practices relate to one another.
By exploring such relationships, police departments can
understand how enhancing experiences in the workplace
might lead to better job performance.
In the table below, we report the results of linear regression models exploring the associations between
officer reports of job satisfaction, job stress, and stereotype threat and their self-reported physical and
emotional health. In addition to the explanatory variable of interest (job satisfaction, job stress, or stereotype threat), each model included controls for officer
rank, officer race, and a constructed variable measuring how strongly the officer identified with the job

Table 13. Results of Linear Regressions of Climate Survey Constructs
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Dependent Variable

Explanatory Variable

Coefficient

Standard Error

Statistical
Significance Level

Physical Health

Job Satisfaction

0.25

0.06

p < 0.001

Physical Health

Job Stress

-0.19

0.06

p < 0.01

Physical Health

Stereotype Threat

-0.18

0.05

p < 0.001

Positive Affect

Job Satisfaction

0.19

0.05

p < 0.01

Positive Affect

Job Stress

-0.18

0.04

p < 0.01

Positive Affect

Stereotype Threat

-0.14

0.04

p < 0.01

of policing. The table shows only the results for the
explanatory variables of interest. Because of missing
observations, models investigating physical health had
277 respondents, and models investigating positive affect had 266 respondents.
The findings in Table 13 demonstrate that SFPD officers who were more satisfied with their jobs were
more likely to report better physical health and more
positive affect. Additionally, SFPD officers who reported higher levels of job stress tended to report
worse physical health and more negative affect. Furthermore, SFPD officers who report higher levels of
stereotype threat also reported worse physical health
and more negative affect.

Summary of Climate Survey Findings
Overall, the results of the climate survey revealed a number of departmental strengths as well as attitudes or beliefs that may serve as risk factors for biased behavior.
While the survey found that officers generally believed
they are not treated very fairly in terms of departmental
processes, their ratings of interactional justice—or the
degree to which they believe they are treated with dignity and respect by their supervisors—were much higher.
Officers also generally expressed strong support for procedurally just policing.
The climate survey findings also highlight a few risk
factors for inequitable and burdensome policing by
SFPD officers. SFPD officers ranked relatively high on
the measure of stereotype threat, suggesting they may
experience anxiety during interactions with community
members, which could lead to negative outcomes for
the community members they encounter. This may have

implications for SFPD officer well-being, as those who
reported higher levels of stereotype threat also reported
worse physical health and more negative affect. Officers
also expressed moderate endorsement of toughness
norms, indicating that SFPD officers may be at increased
risk of engaging in aggressive policing tactics.
IAT scores also revealed that officers demonstrated slight
but consistent unconscious bias against Black people.
While findings on this measure of racial bias were modest
in size, they are consistent with the disparities in stops
and searches described in the sections above. While
discretionary decisions such as stops and searches can
be susceptible to the behavioral effects of implicit and
explicit bias, these effects can be mitigated through policies, norms, and procedures that reduce discretion, encourage accountability, and require equitable treatment.
We therefore encourage SFPD to adopt the recommendations provided in this report.

Recommendations: Climate Survey
1.

Identify situational risk factors for discrimination. We recommend that SFPD train its officers
and supervisors on the situational risk factors that
can increase the likelihood of racially disparate
behavior, such as inexperience, time pressure,
divided attention, hunger, stress, sleep deprivation, and the absence of clear norms regarding
expected behavior. We further recommend that
SFPD identify chronic risk factors for racially discriminatory outcomes and adopt policies to limit
or eliminate these factors.
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SECTION IV: SUMMARY
AND RECOMMENDATIONS
Overall, the results of our analysis of SFPD data on stops and use-of-force
incidents, as well as the policy review and climate survey, find reasons for
optimism and identify opportunities for improvement toward the goal of
equitable policing.
Based on the findings detailed in this report, we offer
seven specific recommendations for the department. We
additionally recommend SFPD draw on existing departmental strengths, including those revealed in the climate
survey, when implementing these recommendations. For
example, we encourage SFPD to leverage the existing
positive relationships between officers and their direct
supervisors when implementing the below recommendations and to draw on officers’ expressed commitment to
procedural justice by emphasizing the ways in which new
practices further this goal.
While this is not an exhaustive list of possible solutions
to the disparities and risk factors we have identified, we
recommend that SFPD adopt the following actionable
steps to enhance their commitment to fair and equitable
policing:

3. Collect more detailed use-of-force information.
We recommend that SFPD collect and share more
detailed data with respect to each use-of-force
incident. In particular, we recommend that the
department collect and analyze data in a tabular
format (to facilitate ease of statistical analysis) for
the following fields:
• Resistance (specifying type)
• Whether any officer or the individual involved
in the incident died

Adopt a unified policy on data collection. We
recommend that SFPD adopt a single, comprehensive general order addressing collection of
data on stops and compliance with the Racial and
Identity Profiling Act of 2015 (RIPA). At present,
SFPD addresses data collection requirements in
individual department bulletins, such as Department Bulletins 18-247 and 18-105, both of which
are entitled “Stop Data Collection System (SDCS)
Implementation.”

4. Utilize the COPS Stop Data Guidebook. We recommend that SFPD implement the recommendations for RIPA compliance outlined in the COPS
Stop Data Guidebook, which was drafted by CPE
and the Policing Project.

2. Expand the definition of reportable force. We
recommend that SFPD amend the definition of reportable force in Department General Order 5.01
(Use of Force) to include all force used to overcome resistance, regardless of injury or complaint

5. Require supervisor review of stop records. We
recommend that SFPD adopt a policy requiring
officers to submit to their supervisors on a daily
basis a brief narrative explanation of the basis for
each stop they conduct. We recommend that this

1.
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of injury or pain. SFPD’s current definition of reportable force does not appear to encompass
control holds or pain compliance techniques used
to overcome resistance unless they result injury
or report of pain that persists beyond the use of
the control hold.

• Nature of offense leading to arrest or citation
(which may be distinct from call type)

policy also require supervisors to review these
reports in a timely manner to ensure that stops
are supported by reasonable suspicion and are
consistent with SFPD policy and applicable law.
6. Update policy on drawing firearms. We recommend that SFPD update Department General
Order 5.01 (Use of Force) to clarify the circumstances in which an officer may draw a firearm.
General Order 5.01 currently states that an officer
may point a firearm only when the officer has a
"reasonable perception of a substantial risk that
the situation may escalate to justify deadly force."
General Order 5.01 provides, however, that an
officer may draw a firearm whenever the officer "has reasonable cause to believe it may be
necessary for [the officer's] own safety or for the
safety of others." We recommend that SFPD update General Order 5.01 to align requirements
for drawing a weapon with the existing higher
standard for pointing a firearm. In other words, we
recommend that SFPD amend General Order 5.01
policy to add that officers may only draw or point
their firearms if they reasonably believe that there

is a substantial risk that the situation may escalate
to the point where deadly force may be justified
7.

Identify situational risk factors for discrimination. We recommend that SFPD train its
officers and supervisors on the situational
risk factors that can increase the likelihood of
racially disparate behavior, such as inexperience, time pressure, divided attention, hunger,
stress, sleep deprivation and the absence of
clear norms regarding expected behavior. We
further recommend that SFPD identify chronic
risk factors for racially discriminatory outcomes
and adopt policies to limit or eliminate these
factors.

Again, while this is not an exhaustive list of possible
solutions to the issues raised in this report, these recommendations represent straightforward first steps
toward addressing each of them. CPE appreciates SFPD’s willingness to participate in the National Justice
Database and encourages the department to continue to work with us to advance equitable policing in
San Francisco.
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